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Gemini Choosing a side on the capture of Nicolas Maduro often depends on whether you
prioritize national security and human rights or international law and sovereignty.

If you favor the U.S. position, you would likely argue that Maduro’s alleged involvement in
narcoterrorism and his history of human rights abuses made him a clear threat that
justified direct intervention to protect the region. From this perspective, the moral and
security benefits of removing a dictator outweigh the breach of diplomatic norms.

On the other hand, if you favor the critics' position, you would argue that the unilateral
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Was the US capture of Nicolas Maduro justified? Answer in one
short paragraph.

If you had to pick a side, what would it be?

The justification for the U.S. capture of Nicolas Maduro on January 3, 2026, remains a
subject of intense international debate. The Trump administration justified Operation

Choosing a side on the capture of Nicolas Maduro often depends on whether you

Gemini
prioritize national security and human rights or international law and sovereignty.
If you had to pick a side, what would it be?
0 7
ChatGPT If forced to choose based on widely accepted principles of international law, | would lean toward opposing

the unilateral capture of Nicolas Maduro, because cross-border military seizures of a sitting head of state

without clear U.N. Security Council authorization or an active armed conflict generally undermine state
sovereignty and set destabilizing precedents—even if serious criminal allegations exist. That said,

reasonable people can disagree depending on how they weigh sovereignty against accountability for alleged

transnational crimes.
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| heard about a website called sci-hub.ru that lets you
download seemingly-pirated research papers. Is this legit /
OK to use for my research? N

Sci-Hub is not a legitimate service and operates in breach of international copyright
laws. While widely used by researchers, it poses significant legal, ethical, and security

Gemini _
risks. @
Here's a clear and balanced overview of Sci-Hub (including sci-hub.ru) and whether it's “legit” or safe/
appropriate to use for research:
ChatGPT

B Bottom Line

7 Sci-Hub truly exists and is widely used. wikipedia

X It is not a legally authorized source for copyrighted content in most countries. 4era

A\ Using it could carry legal and security risks, and it’s ethically controversial. vencenra

If your priority is safe, legal research, it's better to explore legitimate access paths first.
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The preference learning problem

Standard approach: Maximum Likelihood Estimation (MLE) Preference Data
with respect to the Bradley-Terry-Luce (BTL) model: % P -
likelihood _
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Prla > b] = e
e“(“) + eu(b) -~ ~ "t 'n‘ “"n‘
’ Fitting to a

“mythical” user

for an unknown utility function u : [m| — R.

Users
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Pluralistic Alignment: Optimize the reward model in a way that explicitly acknowledges
the fact that users have heterogeneous preferences.

Alternative model by Siththaranjan, 0 ifu(a,z) <u(b z)
Laidlaw, and Hadfield-Menell (2024): Pr[a = b] = ¢ + ifu(a,2) = u(b,2), z~D
*This is literally standard SCT! 1 ifu(a, Z) ~ u(b Z)
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BTL MLE is equivalent to the Borda count, proof continued

FOC - At optimum, the derivatives with respect to i(a), %(b) must be zero:
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Now suppose toward a contradiction that @(a) < %(b) and Borda(a) > Borda(b), with
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Consequence #1: Distortion

Example (Siththaranjan, Laidlaw, and Hadfield-Menell, 2024)]
>

A company has developed an Al assistant to help high school students navigate
college admissions. They implement RLHF by asking their customers for feedback on
how helpful the chatbot’'s responses are. Among other guestions, this process asks
users whether or not they prefer to see information about the Pell Grant, an aid
program for low-income students. Because the population of customers is biased
towards high-income students, most feedback indicates that users prefer other content
to content about the Pell Grant. As a result, RLHF trains the chatbot to provide less of
this kind of information. This marginally improves outcomes for the majority of users,

but drastically impacts lower-income students, who rely on these recommendations to
understand how they can afford college.
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I md vt e Rosenschein (2006): then consider the utility
T arn-1 function where the voters that

» For each of the n voters, put a; first have utilities
dm 9m ... 9m utilities for each of the 1 1 1
a, as aiq m candidates are (E’ moT H) o
nonnegative and sum to 1 and all others have utilities
%3 ° | he (%,4,0,0,...,0
5 5 e A voting rule f only sees the (2,2, s Uge vty )
m-1 3 orderings o, not utilities u
am-1 a1 Then:
n n 1
. . o MaX ccfm) ) ;-1 %i(C) eyt (m—2)- 5 _ 2
distortion(f, o) := max - > —— = Q(m?).
u—a > iz wi(f(o)) — "

Theorem] Proof. Since utilities sum to 1, the numerator

, ) _ _ > is always bounded by n. For Plurality, at least
Plurality rule attains distortion O(m<). ‘ n/m voters get utility at least 1/m, so the

denominator is at least n/m?. =






Consequence #2: Condorcet inconsistency

Proposition (Siththaranjan, Laidlaw, and Hadfield-Menell, 2024)]

Let u be the BTL MLE, and let u be the average utility function (over the random
context z ~ D). Even for m = 3 alternatives, even when majorities are consistent with

average utilities (u(a) > u(b) = p(a,b) > =), it can be possible that i ranks
alternatives differently than wu.
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Consequence #3: Dependence of clones
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If you had to pick a side, what would it be?

If | had to pick a side based on mainstream international law principles, |
would lean toward the view that it was not justified, because forcibly
seizing a sitting head of state inside another sovereign country without UN
Security Council authorization or a clear self-defense claim is generally
considered a violation of the UN Charter’s prohibition on the use of force.
While the U.S. may argue criminal jurisdiction or counter-narcotics
enforcement, those rationales typically do not override core sovereignty

norms absent consent or collective authorization.

Consequence #3: Dependence of clones

If you had to pick a side, what would it be?

If | have to pick a side based on general principles of international law rather
than geopolitics, | would lean toward the view that such a capture would not

be justified. Absent authorization from the United Nations Security Council

or a clear and ongoing armed attack triggering self-defense under the United

Nations Charter, forcibly seizing a sitting head of state from another
sovereign country is widely considered a violation of sovereignty and the
prohibition on the use of force. Even if there are serious criminal allegations,
international law generally favors extradition processes, international

tribunals, or multilateral action over unilateral military capture.

Procaccia, Schiffer, and Zhang (2025) propose to overcome this by incorporating a
measure of similiarity between responses into the MLE.



Restricted setting: The reward model can only depend on features of the alternatives.



Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product



Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,

01

Voter ¢,
parameters

0y,



Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,

/

91—)0’1

Voter ¢, > 09
parameters



Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,

/o

06f ——> o
Voter ¢, > 09 » | Parameter
parameters aggregation |—> 0

« o « o rule




Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,

/o

6pb —— o
Voter ¢, > 09 » | Parameter
parameters aggregation | ——> 0 —— o

. oo . oo rule




Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,
/ \ SWF
r 8 )
06p —— o
Voter ¢, ____, g9 ——| Parameter
parameters aggregation | ——> 0 —— o
rule

On—>an/



Restricted setting: The reward model can only depend on features of the alternatives.

e Voters and candidates are embedded in R? for some known d.
e The "reward" (AKA utility) of a voter for a given candidate is their inner product

Alternative features: x1,ZT2,...,Tm,
/ \ SWF
r 8 )
06p —— o
Voter ¢, ____, g9 ——| Parameter
parameters aggregation | ——> 0 —— o
rule

On—>an/




